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(a) Power law epidemics
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Laws. medRxiv preprint doi:
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Forced Stochastic Logistic Equation
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Equilibrium points are not “rough™

Generally, no exact solutions

For approximation of real data,
four constants - better

e - threshold of infection

Properties of
discrete version
are not well
Known.
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Similar analysis performed for 12 countries







Stochastic Generalized Logistic Equation
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Forced Stochastic Generalized Logistic Equation
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A T (N)

F(N)

Second Wave of COVID -19 dN (1 N j
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dF/dN at this point do not exist!

There is “semi-stable” equilibrium point
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USA, March — September 2020
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Conclusions:
 Generalized Logistic model can describe
past epidemic

 Variable-coefficient models are required to describe
daily characteristics

« Stochastic models can be also applied

 But FUTURE Is with transport models (PDE)
— M. Kupuyuina (MI1D)
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Likely upcoming climate hazards during the COVID-19 pandemic. Climate-
attributable risks are likely to intersect with the COVID-19 crisis all around the

world, with many already causing disruptions or likely to do so over the next 12 to
18 months
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